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Abstract: There still exists some problems in the practical application of semantic retrieval such as hardness to

acquire user’s query intent complex computing process of latent semantic index small area of domain ontology

coverage poor concept semantic types lower automatic level

etc. Aiming at these problems this paper puts

forward the automatic semantic retrieval and visualization model based on WordNet and SUMO ontology integra—

tion. Experiment shows: the proposed model can filter out a large number of information unrelated to user query

subject and not only improve the precision of information retrieval system but also well satisfy user’s retrieval

demand of visualization and individuation.
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